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Abstract. In Hungary, the positive impact of the wine sector on rural areas has encouraged Hungarian and EU policy
makers to provide significant development support to wineries. One of the main objectives of the support was to increase
employment in rural areas. In the period 2014-2019, nearly €60 million was awarded to support the development of wine
businesses in Hungary. The aim of our research is to examine how labour supply in the Danube wine region, Hungary’s
largest wine region, has changed over the period covered by the wine sector development aid. We analysed the spatial
distribution and concentration of several groups of potential labour supply in the study area. The Dual-index and the
Hoover-index were used to measure spatial disparities. To measure the spatial concentration of jobseekers, we calculated
the location quotient and then examined the spatial pattern of the resulting municipality-level concentration values using
the Local Moran I statistic, a local test function of spatial autocorrelation. As a result of our research, we identified the
spatial specificities of the potential labour pool available in the study area. The results are useful for business decision-
makers planning to expand or reorganise their human resources. In addition, knowledge of the characteristics of the
available potential workforce will support the definition of future development directions, in particular with regard to
human resource expansion.
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INPOCTPAHCTBEHHOE UCCJIEJOBAHUE TPYJ1OBbIX PEZEPBOB
B HIEHTPE JYHAHCKOI'O BUHOJEJIBYECKOI'O PETHOHA (2014-2019 rr.)

Kpumituan Slpaanbu
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Tumea Ibépu
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AnHoranusi. B Benrpuu nonoxurenbHoe BIUSHIE BUHOAETBFYECKONW OTPACId Ha Pa3BUTHE CENbCKUX TEPPUTOPUI
ctumynupoBaio Binactu EC npenocTaBuTh cephe3Hble MEPHI OAJIEPKKHA MECTHBIM BUHOAEIaM. OIHOM U3 1ieNiel MoaIepxK-
KH CTaJIO YBEIIMICHHUE 3aHATOCTH B CENIbCKUX peruoHax. B mepuox ¢ 2014 1102019 . moutu 60 MiTH €Bpo OBLTO BBIACIICHO TS

© Jardany K., Gyéri T., 2021

ISSN 2310-1083. Pernonansnas 3xonomuka. IOr Poccrn. 2021. T. 9. Ne 4 109



K. Jardany, T. Gyori. Spatial Research of the Labour Reserve in the Winery Center of the Danube Wine Region

TIOIIEP’KKK BHHOJIENIbUecKoro 0u3Heca B Benrpuu. 1lenbio uccrenoBaHus sIBISIETCSl U3y4EeHHE TOTO, KaK MpeIoKEeHHe
Tpy/a B BUHOZIEIFYECKOM perroHe J{yHasi, KOTOPBIU SBISIETCS KPYMHEHIIM PETHOHOM 3TOH 0TPaciy, U3MEHWIOCH B Teue-
HHE NepHo/ia MPeNoCTaBIeH S rOCyIapCTBEHHOM MOJIEPKKHU MPEATPUHUMATEISM, 3aHIMAIOIIUMCS IIPOU3BOICTBOM BUHA.
ABTOpaMH NMpoaHaIM3UPOBAHBI IPOCTPAHCTBEHHOE PACIIPEIENICHNE 1 KOHIICHTPAIMSI HECKOIBKUX NOTEHIUABHBIX TPYIIIT
TPYIOBBIX PECYPCOB B JAHHOW MECTHOCTHU. [[JIsl OLIEHKH IPOCTPAaHCTBEHHOTO HEpaBEHCTBA OBLT UCITONB30BaH JlyaipHbIH
uHnekc ¥ uHaekc ['yeepa. [ n3amepeHus IpocTpaHCTBEHHOW KOHIIEHT ALK 0e3paboTHBIX ObLIT UCIONb30BaH KO QHITH-
SHT JIOKaJIU3allky, a 3aTeM ObUIa allpoOMpoBaHa IPOCTPAHCTBEHHAS MOJEIb paclpeielieHHs oKa3aTeNel 1o MyHHIUIIa-
JIUTETaM C UCIOIb30BaHHEM METOZA JIOKAIbHOM CTaTUCTHKKM MopaHa, KOTOpBIi IpefcTaBiaseT co00H aHaIn3 IPOCTpaH-
CTBEHHOH aBTOKOPpPEISILIMY PETHOHA. B pesynbraTte MpoBeIeHHOTO UCCIEI0BaHUS ObUIN BBISIBICHBI IIPOCTPAHCTBEHHBIE
0COOCHHOCTH TOTEHIIUAILHOM KOHIIEHTPALMH TPYAOBBIX PECYPCOB, AOCTYIHBIX B aHAJTM3UPYEMOM PETHOHE. Pe3ynbrars
WCCJIEAOBAHUSI MOTYT TPENICTABISTH NPAKTHYECKUI HHTEPEC [Tl PYKOBOJUTEIIEH PETHOHOB, IUTAHUPYIOMINX PACUIUPSTH
WY TIepepacipeessaTh UMeroluecs TpyroBble pecypesl. Kpome Toro, obnananue nadpopmanuei o HOTEHIMAIBHO 0C-
TYIHBIX TPYAOBBIX peCypcax MOMOXKET ONPeeTUTh NePCIIeKTUBHBIE HAITPABJICHHUS Pa3BUTHSA C IEIbIO PACIIMPEHHOTO BOC-
IPOU3BOJICTBA YETIOBEUECKOTO KaluTasa.

KaroueBble cioBa: JlyHalickuii BUHHBIN PETHOH, Oe3paboTHBIE, TPOCTPAHCTBEHHOE HEPABEHCTBO, KO (D (DUITHEHT
JIOKaJIH3aIHH, TPOCTPAHCTBEHHAS aBTOKOPPEISIIHSL, HHTEPIOJISLNS, PHIHOK TpyAa, UHIEKC [ yBepa, BUHHBIH 3aBOJI, BH-
HOTPaJapcTBo.
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Introduction

The wine-drinking culture of Europeans can be
traced back many centuries [Kispal, 2017], and this
tradition is deeply embedded in the cultural circle of
Hungary. Today, the grape and wine sector in
Hungary has grown into an important factor in the
agricultural economy, considering that it accounts for
2.6% of the gross national product of Hungarian
agriculture [Gal, 2020]. There are currently 6 wine
regions in Hungary, consisting of 22 winelands. The
winelands are a set of production areas with
plantations with similar climatic, topographical, soil
conditions, characteristic varietal compositions and
operations, their own viticulture and wine making
traditions and from which their unique wine products
are derived. Wine regions are voluntary corporations
set up to promote the common interests of winelands
and to protect the origin of the grape’s quality and
origin of the products they produce, consisting of a
number of wine regions with similar wine-growing
traditions, which are geographically close to each
other or bordering each other.

According to the statistical data of the National
Council of Wine Communities Hungary (CWC), the
total area planted with grapes in the wine regions of
Hungary averaged 64,395 hectares between 2014 and
2019, of which an average of 91.62% was a productive
plantation. The average volume of grapes harvested
was nearly 4 million glazes, while the average volume
of wine made from it was 2.67 million hectolitres.

In addition to good local conditions, the presence
of the wine sector in areas with the right wine-making

technology and culture can be a serious endogenous
resource. This is largely due to the fact that the
success of viticulture and oenology in the narrow
sense has a serious impact on the sectors that build
on it in whole or in part (e.g., tourism, trade) or support
sectors (e.g., technology, research, etc.) and their
benefits show significantly in the economy of rural
areas. The development of the untapped potentials
of the wine sector, due to their multiplier effect, can
be decisive in the local and regional economic
development processes and strategies of the areas
affected by this activity, as well as in the development
of their more profitable economic structure in the
long run [Jardany, 2021].

Despite good production conditions, Hungarian
winemakers have to deal with the same difficulties
as their European Union counterparts, mainly with
constant sales difficulties, intensifying market
competition and the structural crisis of wine
overproduction. In any case, this will encourage
stakeholders in the wine sector to appear with higher
value-added wines at the right price / value ratio,
targeting several market channels [Sidlovits, 2008].

One of the most important aspects of meeting
the challenges is to produce high quality products that
can only be achieved with a high level of technology.
Improving the quality of food products has also been
encouraged by the European Union’s Common
Agricultural Policy (CAP) since its 1992 reform
[Meloni, Swinnen, 2013]. State-of-the-art oenological
technology makes it possible to increase the specific
income from wine production, increase efficiency,
reduce adverse effects on the environment and
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increase market security in a sustainable way.
However, technological innovation is in many cases
not possible due to the lack of resources of the market
players involved, so public budget intervention may
be needed to achieve sectoral goals.

Sectoral developments and the resulting spatial
development interventions can be planned in two
basic approaches to regional resources. In one case,
we are filling in the missing resources from the
outside, ie we are giving significant subsidies for the
developments there. In the other case, we seek to
explore the area’s own resources and try to make
the best use of these resources with the help of local
actors. The correct solution is to apply the optimal
combination of these two logics to the given area
[Juhasz, 2020]. In many cases, without government
intervention, economic performance is lower than
optimal for society [Keszthelyi, 2019].

The development of the wine sector is
encouraged by both the European Union and
Hungarian policy. According to the data of the
Hungarian State Treasury (HST), between 2014 and
2019, Hungarian wineries received a total of HUF
20.86 billion (approximately EUR 60 million) in
technological development support. 14.24% of the
support went to the wineries of the largest wine region
of Hungary, the Danube wine region.

The priority objective of the grants is to increase
competitiveness and create jobs in the areas
concerned. The quantity and quality of the available
workforce can be considered as an endogenous
factor, therefore the analysis of its composition is
justified when examining competitiveness. One of the
basic indicators of the labour market situation is
unemployment, which is an important element in the
examination of social and economic spatial structure
[Hajdd, 2020]. Unemployment must be interpreted
as a social spatial structure indicator on the one hand
as a proportion of the unemployed, and on the other
hand, as a potential labour reserve from the
perspective of economic spatial structure analyses
[Gy6ri, Egri, 2020]. The potential labour reserve
consists of the unemployed, the underemployed and
the inactive [Kaposzta, 2016]. According to the data
of the Hungarian Central Statistical Office (CSO),
in the first half of 2019 approximately 51% of the
labour force reserve was unemployed, 40% inactive
and 9% underemployed. According to the data of
the National Employment Service (NES), the average
monthly number of registered jobseekers in Hungary
in 2019 was 252,550. Of these, 43.2% had 8 primary
or lower education degrees, 25.2% had a vocational
or vocational school certificate, 25.4% had a

secondary education degree and 6.2% had a tertiary
education degree. Their relative ratio to the active
age population was 5.4% nationwide, a significant
decrease of 4.2% compared to 2014.

Objective of research

Unemployment has been declining in Hungary
over the last 10 years. One of the biggest challenges
for employment expansion projects is the mobilization
and long-term use of the right quantity and quality of
human resources. Although the problem is common,
these difficulties arise in different structures in
different spatial units of Hungary.

In our study, we sought to answer the question
of how the spatial structure of the potential labour
reserve in the wine centre area of the Danube wine
region and its catchment area changed according to
the main human resource characteristics. The
research does not primarily analyse the nominal
development of the available workforce, but focuses
on its territorial differences and discusses the topic
in this context. The issue is topical and relevant for
the wineries located in the study area, as they have
human resource expansion obligations related to their
development projects.

Material and methods

The examined area is the Danube wine region
(11231 km?) located in the Great Plain. The vast
majority of its territory is in the Southern Great Plain
region, a smaller part in the Central Hungarian
region. The wine region consists of 3 Great Plain
winelands: the Csongard wine land, the Hajos-Baja
wine land and the Kunsag wine land (Fig. 1).

According to the data of the National Council
of the Wine Communities Hungary (NCWC) in 2019,
36.5% (23874 ha) of Hungary’s wine-growing areas
are located in this wine region. Between 2014 and
2019, the average yield of wine grapes in the Danube
wine region was 182.129 tons, while its wine yield
was 1,416,020 hectolitres, which was 43.41% of the
total Hungarian average grape yield and 49.34% of
the total Hungarian wine yield. 28.81% (2130 units)
of all wineries with a registered winemaking license
in Hungary are located in the region [Jardany, 2021].
With these values, the Danube wine region is
considered to be the largest viticulture and wine
delimitation in Hungary.

During the preparation of the study, the
emphasis was basically on the analysis of statistical
data collected from secondary sources. The
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Fig. 1. The Danube wine region

Note. Source: Own editing.

settlement-level data of the wineries were collected
from the database of the Pest County Government
Office (PCGO). The settlement-level data of the
population and the registered unemployed in 2014 and
2019 were provided by the data files of the Central
Statistical Office (CSO), the National Spatial
Development and Spatial Planning Information
System, and the National Employment Service.
Registered jobseekers were categorized according
to their age and education. We performed our
calculations for these categories. For their annual
headcount data, we took into account the annual
average of the quarterly data.

To identify the wine centre area of the Danube
wine region, we performed Getis-Ord local Gi
statistics [Getis, Getis, 1996]. The local approach
sheds light on the local peculiarities of spatial
structures [Balint, 2011]. Local Gi statistics identify
the strength of spatial association with the
concentration of weighted spatial points [Toth, 2014],
the higher the Z value, the more intense the clustering
of high values. If the values above the average within
the given distance are condensed, the value of Gi
will be high, in case of the concentration of low values
it will be low [Balint, 2011]. The statistic contains a
symmetric spatial weight matrix, the elements of
which can take binary (0,1) values. The values of
the elements within the distance (d) defined by us
are 1, in all other cases they take the value 0.

According to this type of indicator, the given location
is adjacent to itself, the value in the weight matrix is 1.
The local version of the Getis — Ord statistic can be
calculated using formula number 1:

Z;‘Tzl Wij(d)x_j
Z;‘T:]_xj ’

G;(d) = (1)

where w,. is the symmetric spatial weight matrix, d is the
distance, x is the spatial criterion and it is true that i =;.
Clusters were created by distance-based weighting
(15 km), and the number of wineries was indicated as the
aggregation variable.

The hot-spot analysis of the number of wineries
was performed using a deterministic modelling
approach. In the framework of our research, we
sought the answer to the question of the area affected
by the dosimetric extent of the hot-spot wineries in
the Danube wine region. The spatial extent of the
winemaking hotspot of the Danube wine region was
examined by interpolation of the Z values of the
hotspots obtained on the point map. The interpolation
procedure is widely used in the sciences dealing with
spatial data [Meng, Liu, Borders, 2013].

Spatial interpolation is based on the
hypothesis that points in space that are close to
each other are more likely to have similar values
than points that are far apart [Tobler, 1970]. The
spatial extension of the hotspot area was also
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justified by two features of the spatial geometric
arrangement of the studied area:

1) in the territory of the Danube wine region
there are several settlements belonging to the enclave
that do not belong to the territory of the wine region
(Bugacpusztahaza, Dunatetétlen, Vérosfold, Ujsolt,
Dunaegyhaza);

2) the spatial extent of the area delimited by
the Danube wine region forms a concave polygon at
several points.

To construct our model, we used the inverse
distance weighted interpolation (IDW) method,
where the weight changes in inverse proportion to
the distance. The result of the interpolation is
essentially the weighted arithmetic mean of the values
of the surrounding points [Bartier, Keller, 1996]. By
default, bilinear interpolation was used to calculate
display pixels. The GIS representation was reported
on a raster cartogram.

The spatial polarization of certain groups of the
unemployed was evaluated with a Dual index, the
differences of their spatial distribution with the
Hoover index, and their spatial concentration were
evaluated using the location quotient. These inequality
indicators determine the extent of spatial differences
regardless of the spatial location of the data.

The Dual Index (formula 2) is the ratio of the
mean of the values above the mean of the entire
distribution to the mean of the values below the mean
of the entire distribution.

D=1 @
where ¥ is the arithmetic mean of x,, x is the arithmetic
mean of x, values greater than ¥, and x,, is the arithmetic
mean of x; values less than .

Xm

The Hoover index is a frequently used
distribution-type indicator [Kiss, Németh, 2006]. In
this study, the indicator was used to measure the
spatial distribution of each group of unemployed and
the total number of unemployed in the study area
using formula 3.

h = w 3)

where x; and f;are the two distribution ratios for which it is
true that ). x; = 100and Y. f; = 100.

From the methodological procedures applicable
during the examination of the spatial structure, the
location quotient was selected, which can be well
applied to the examination of the Hungarian regions.
The selected statistical indicator expresses whether

the proportion of the unemployed belonging to a given
group in a given settlement is under-represented or
over-represented compared to the county average
of the given group. In the research, we mapped the
groups with a dominant weight within the registered
job seekers. The indicator was calculated on the basis
of the number of registered unemployed in the
categories by education and age group. The registered
jobseekers were divided into three age groups, thus
forming groups under 24 years of age, 2554 years
of age and over 55 years of age. According to
education, we also distinguished three groups: those
with primary, secondary and tertiary education. The
values of the location quotient were interpreted
according to the following scale: there is no
concentration below 1, moderately concentrated
between 1.00-1.25, moderately concentrated
between 1.25-1.50 and strongly concentrated above
1.50 [Gyéri, Egri, 2020]. The indicator expresses the
regional distribution of the selected criterion according
to formula 4.

UNE;; / UNE; A
UNE; / UNE ° “)

LQ =

where UNE,; number of unemployed in group i in
settlement j, UNE number of unemployed in j settlements,
UNE,; number of unemployed in group i, UNE total number
of unemployed.

Using the computed LQ values, a global Moran |
statistical analysis was performed to explore the
spatial correlation scheme using formula 5.

_ n X X 8,000 ) )
24 Loy

where 7 is the number of area units, y, and y; are the
values of the examined variable in each area unit, y is
the arithmetic mean of the examined indicator, 4 is the
number of neighbourhood relationships, and the value
of the coefficient 61.], is 1 if i and j are contiguous,
otherwise 0. The n indicates the number of items [ T6th,
2014]. If > -1/n-1, then the autocorrelation relationship
is positive, if / < -1/n-1, then the autocorrelation
relationship is negative. If / = -1/n-1, there is no
autocorrelation relationship between the individual
territorial units [Egri, 2017]. The obtained / values should
be standardized so that the distorting effects can be better
filtered out [Kincses et al., 2013]. By standardizing the
I value, the Z value is obtained. According to the basic
assumption (null hypothesis), there is no spatial
autocorrelation between the studied variables, their spatial
arrangement is random.

In our study, we used queen neighbourhood
weight matrices to operationalize neighbourhood
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relations with a permutation number of 999. Based
on the obtained Global Moran I values; we identified
the unemployed groups where we experienced
clustering in territory.

To describe the spatial patterns, we used the
local test function for spatial autocorrelation, the
univariate Local Moran I method developed by
Anselin in 1995. This method is suitable for detecting
areas that are similar to or different from their
neighbours [Toth, 2014]. The Local Moran I was
calculated using formula 6.

Ly =22 Wijz;, ©)

where zZ, and z;, are the standardized values of the
observation units at time ¢. For a univariate Local Moran,
z, » and z, refer to the same database. IV, is the area weight
matrix [Anselin, 1995]. The obtained result classifies the

settlements into four groups:

1. High to high (HH): high value territorial units
for which the neighbourhood also has a high value.

2. High-low (HL): units with a high value for
which the neighbourhood has a low value.

3. Low-low (LL): low value area units where
the neighbourhood also has a low value.

4. Low — high (LH): territorial units with a low
value, in which case the neighbourhood has a high
value [Toth, 2014; Egri, 2017].

Spatial statistical analyses and the display of
the results on cartograms were performed using
ArcGIS 10.8 and Geoda 1.16 GIS software.

Sinmg
Smmir

0 20 40 80 120 160

o™ ™, ' km [ The border of Hungary

Danube wine region

Results

The winemaking centre of the Danube wine
region was identified by a spatial autocorrelation
analysis of the spatial location of the wineries located
in the area. Getis-Ord spatial autocorrelation analysis
clearly showed a wine-making hot spot for
settlements in the western areas of the horizontal
centre line of Bacs-Kiskun county. The 15 km
dosimetric extent of the obtained Z values affected
all the districts of the county in the eastern direction,
while extending westwards beyond the border of the
wine region to the administrative border area of the
county (Fig. 2) 85.2% of all wineries in the Danube
wine region are in the identified hotspot. Within the
hotspot, we identified a centre area covering
12 settlements (Z-score > 10) in the area covered
by the settlements of Kiskérds — Soltvadkert —
Kecel — Akasztdo — Csengdd, where 80.17% of the
hotspot wineries are grouped. The area of the
excavated hotspot is 1495.2 km?, which is 13.31%
of the area of the Danube wine region. The area of
the centre zone within the hotspot is 804.31 km?,
which is 7.16% of the wine region and 53.79% of
the hotspot area.

Between 2014 and 2019, 71.75% of the wine
farm development support funds for the Danube
wine region went to the hotspot settlements, while
56.9% went to the central zone. Given that the
expansion of employment related to the supported
projects is expected to be most pronounced in this

Bacs-Kiskun county border Z-Value

. High : 29,2624

Low : -1,02307

Fig. 2. Wineries hotspots in Hungary

Note. Source: Own calculating and editing based on PCGO data.
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area, we extended our research on labour reserve
to the area of the hotspot-affected districts, thus to
Bacs-Kiskun county. The county seat of Bacs-
Kiskun county is Kecskemét, and the second most
populous city is Baja.

The permanent population of the examined
county decreased by 2.06% between 2014 and 2019,
by a total of 10 927 people. In the hotspot area, the
population decline exceeded the county value, in the
hotspot the population decline was 2.12%. The number
of jobseekers decreased by 50.14% at the county level
during the period under review, while it decreased to a
lesser extent by 44.98% in the hotspot. In terms of
age, the number of jobseekers aged 024 in the county
decreased the most by 60.37%, followed by the number
of jobseekers aged 25-54 by 55.89%, and finally the
number of jobseekers over the age of 54 by 13.62%.
In the hotspot area, the number of jobseekers aged
25-54 decreased by 61.08%, the number of jobseekers
aged 0-24 by 55.46% and the number of jobseckers
over 54 by 29.47%.

In terms of educational attainment, the number
of primary and secondary jobseekers at the county
level decreased by almost the same proportion, by
51.90% and 50.12%, respectively, while in the case
of those with tertiary education it decreased by
29.39%. In the hotspot, the number of jobseekers
with a primary education decreased by 58.47%, the
number of those with a secondary education by
53.28%, and the number of people with a higher
education by 35.53%.

In the examined period, the regional differences
in the distribution of the unemployed in Bacs-Kiskun
county were revealed with the help of the Dual index
and the Hoover index (Table 1).

Based on the values of the territorial inequality
indicators, the territorial differences in the distribution
of the unemployed increased in 5 cases out of
6 categories in the examined period. Only those over
55 years of age showed a slight decrease. In both
years studied, the regional differences of the

unemployed with higher education are the most
significant. In2019, 29.58% of graduate unemployed
should have been redeployed to have an even
territorial distribution. Territorially, the middle-aged
group is the most balanced in 2019, with the Hoover
index at just 4.15%. Taking all categories into account,
the distribution of the unemployed with a middle-aged,
secondary education is the most even.

Global Moran I statistics were also performed
for the 2014 and 2019 settlement-level headcount data
and concentration (LQ) of the unemployed. The
obtained I, Z and significance (Sig.) Values as well
as information on clustering are shown in Table 2.
The autocorrelation performed on the raw headcount
data did not give a significant value in any of the
groups (p < 0.05), the results achieved in 2014 and
2019 did not indicate clustering for this indicator. The
formulated null hypothesis was accepted for the
spatial autocorrelation of the raw data, the spatial
pattern of each group was random.

Spatial autocorrelation statistics performed on the
LQ values of the unemployed calculated at the
settlement level gave different results from the headcount
data (Table 3). Global Moran I values in 2014 indicated
clustering for three groups. The primary and secondary
groups indicated clustering at a 1% confidence interval,
while the under-24 age group indicated clustering at a
90% confidence interval. However, the latter was not
considered because a p value above 5% was not
considered significant in the study. For the other groups,
the null hypothesis was accepted.

The spatial pattern of the unemployed groups
was also examined with the local test function of the
spatial autocorrelation, the Local Moran I statistics.
We created a LISA map for the groups for which
the following conditions were met:

1) the result of the Global Moran I statistics
indicates the presence of clustering;

2) Z value is greater than 2;

3) the results obtained are significant at a
minimum p < 0.05 level.

Table 1
Dual and Hoover indexes of unemployment categories
Gr Dual index Hoover index (%)

oups 2014 2019 2014 2019

Primary education 6,85 8,73 10,47 11,75

Secondary education 8,78 9,01 6,27 6,50

Higher education 21,22 23,78 2937 29,58

<24 743 10,11 6,71 9,08

25-54 8,12 10,00 2,29 4,15

55 < 7,44 7,42 9,21 9,14

Note. Source. Own calculation based on NES data.
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Table 2
Global Moran I indices calculated on the number of unemployed
Groups Moran | | P value | Z-score | Pattern
2014
<24 -0,050 0,254 -1,139 Random
25-54 -0,039 0,378 -0,881 Random
55< -0,061 0,163 -1,395 Random
Primary education -0,028 0,663 -0,435 Random
Secondary education -0,077 0,101 -1,644 Random
Higher education -0,036 0,299 -1,038 Random
2019
<24 -0,055 0,245 -1,163 Random
25-54 -0,068 0,141 -1,473 Random
55< -0,075 0,110 -1,597 Random
Primary education -0,060 0,232 -1,196 Random
Secondary education 0,069 0,136 -1,489 Random
Higher education -0,042 0,301 -1,034 Random
Note. Source. Own calculation based on NES data.
Table 3
Global Moran I indices calculated on the LQ values of the unemployed
Groups Moran | | P value | Z-score | Pattern
2014
<24 0,089 0,080 1,751 Clustered
25-54 -0,075 0,232 -1,194 Random
55< 0,062 0,202 1,274 Random
Primary education 0,144 0,006 2,734 Clustered
Secondary education 0,136 0,009 2,599 Clustered
Higher education 0,009 0,755 0,312 Random
2019
<24 0,092 0,069 1,816 Clustered
25-54 0,103 0,044 2,012 Clustered
55< 0,101 0,032 2,136 Clustered
Primary education 0,120 0,021 2,309 Clustered
Secondary education 0,105 0,041 2,038 Clustered
Higher education 0,102 0,047 1,984 Clustered

Note. Source. Own calculation based on NES data.

In 2014, the territorial pattern of the
concentration of those with primary education
showed a high grouping value covering 7 settlements
close to the southern agglomeration zone of Budapest.
The grouping appeared in the Kunszentmiklds district,
which is in contact with the winemaking hotspot.
In addition, we identified a Low-Low cluster covering
three settlements in the city of Baja and its catchment
area. High-Low outliers appeared in the wider
catchment area of the city. No spatial grouping was
identified within the 25 km radius of the winemaking
hotspot (Fig. 3).

In the case of jobseekers with a primary
education, the High-High cluster formed at the
northern border of the county did not change
significantly by 2019, and another large-scale High-
High cluster appeared in the settlements of the county

east of Kiskunhalas. A Low-Low cluster appeared
in the centre area of the winemaking hotspot as well
as in the southern border areas of the hotspot. The
larger Low-Low cluster measured in 2014 around
Baja narrowed sharply. Overall, it can be stated that
during the period under review, the high territorial
concentration of jobseekers with a primary education
moved away from the winemaking hotspot by 12 km.

The low clustering of those with secondary
education will appear inversely in territory in 2014
compared to primary education. In the northern part
of the county a Low-Low cluster was detected, while
in the vicinity of Baja a High-High cluster was detected.
No clustering of the concentration values of the studied
group could be measured in the winemaking hotspot.
The clustering of the concentration of secondary school
students increased in the examined interval, the number
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of the affected settlements increased. In the
winemaking hotspot in 2019, we identified two new
High-High settlements. The inverse appearance
related to the territorial grouping of jobseekers with a
primary education is also true for the 2019 clusters of
the concentration of the unemployed with a secondary
education (Fig. 4).

By autocorrelation analysis of the territorial
concentration of job seekers in the 25—54 age group,
one of the most important cohorts from the labour

A K I'Sk.lfril',\'

Kiskunhalas | ¢

. ///%\/\/)

D

/ P
(
\J/\.)
-
~ LQ Primary, 2014
ﬂ/ Not Significant
N B High-High Cluster

%% High-Low Outlier
772 Low-High Outlier
Low-Low Cluster

market point of view, in 2019 we detected High-
High clustering in the detected hotspot area and its
15 km catchment area. High-High clustering
occurred south and southeast of the horizontal
centreline of the hotspot. This clustering covers 12
settlements, of which seven are located in the
hotspot, while the other settlements are located
within 20 km of the eastern boundary of the hotspot.
For settlements north of the wine region hotspot
north of the horizontal centreline, 1 Low-Low cluster

LQ Primary, 2019
Not Significant
/< - B High-High Cluster
%8 High-Low Outlier
777 Low-High Outlier

Low-Low Cluster

Fig. 3. LISA maps —based on LQ values of primary education 2014 and 2019

Note. Source: Own editing.
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Fig. 4. LISA maps — based on LQ values of secondary education 2014 and 2019

Note. Source: Own editing.
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and 1 Low-High outlier appeared within the 15 km
catchment area (Fig. 5).

The clustering of the under-representation of
the labour market-vulnerable age group over 55
occurred in the southern part of the hotspot. Their
low-low cluster affects 7 settlements, including the
town of Kiskunhalas. We identified small-scale High-
High clusters in the southern border settlements of
the county and in the settlements north of Baja. In
the agglomeration of the county seat (Kecskemét)
no significant clustering of the examined group was
identified, only two settlements qualified as High-Low
outliers. The concentration of unemployed people at
risk was higher than average in these settlements,
while it was lower than average in neighbouring
settlements. The spatial pattern of the concentration
of jobseekers belonging to the vulnerable age group
appears inversely with the middle-aged in the studied
area. In settlements where the concentration of
middle-aged people was high, the concentration of
the at-risk age group was lower.

Conclusion

In the research area demarcated by the
extension of the winemaking centre area of the
Danube wine region, in Bacs-Kiskun county, the
number of jobseekers decreased significantly
between 2014 and 2019, similarly to the national
average. The number of jobseekers under the age of
24 decreased the most in the study area, followed by

\
frmd ™

" LQ25-54 age, 2019
4 Not Significant

g mHigh-High Cluster

4 y 22 High-Low Outlier

o~ #Low-High Outlier

Low-Low Cluster

the 25-54 age group. From this, we can conclude
that returning the over-55 age group to the primary
labour market is the biggest challenge. In Hungary,
the high immobility, which can also be traced back to
the historical past, characterizes the older age groups
to this day. Unlike in Western countries, the
willingness to mobilize in Hungary in the age group
over 55 is rather low. Higher adaptability and greater
mobility of younger age groups improve their labour
market position.

In terms of educational attainment, the largest
decrease was in the number of jobseekers with a
maximum primary education. This may be related to
an overall increase in educational attainment.

The number of unemployed decreased to a
different extent within each group. As a result, existing
territorial inequalities have increased, and new ones
have emerged. Regional inequality indicators calculated
on the number of unemployed (Dual index, Hoover
index) confirmed the increase of territorial differences
in almost all groups. Only those group of job seekers
over 55 years old showed a slight improvement. The
most significant regional differences were identified
in the group of unemployed with higher education.
Contributing to the special situation of people with
higher education is the fact that their share within the
unemployed is the lowest, and that they are typically
concentrated in larger cities or cities with higher
education institutions.

During the autocorrelation study of the
settlement-level headcount data of the unemployed

Kiskdris
.

Kisku‘thalas

SR

LQ 55+ age, 2019
Not Significant

B High-High Cluster

%556 igh-Low Outlier

727 Low-High Outlier
Low-Low Cluster

Fig. 5. LISA maps —based on LQ values of 25-54 and 55+ age groups, 2019

Note. Source: Own editing.
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groups, no clusters were identified in Bacs-Kiskun
county. Spatial autocorrelation for the concentration
of each group expressed in terms of location quotient
confirmed the presence of clustering in several cases.
The spatial pattern of the concentration of the
unemployed groups was also examined with the local
test function of the spatial autocorrelation in order to
reveal the settlements that contributed the most to the
value of the Global Moran I statistics. The prepared
statistics also confirmed the increase of territorial
differences, as well as the inverse correlations between
the concentrations of each age group.

From the employer’s point of view, the presence
of the available potential workforce appears as a
comparative advantage in the region, however, the
declining number of job seekers and increasing
employment may pose a long-term challenge to
farmers. The above-average concentration of one
of the most important age groups in terms of the
labour reserve contingent is located just close to the
hotspot, so their accessibility is ensured.
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